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import tensorflow as tf
from tensorflow.keras import layers

IFEFE(CHSE
AN (X sEDEME

num_classes = 3
input_dim =4

m = tf.keras.Sequential( 1EBEOI1=v rZ 64
[

layers.Dense(units=64, input_dim=input_dim, activation="relu’),
layers.Dense(units=num_ classes, activation='softmax'),
| \
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= =SREY RI=IERSTOIS A IPython 8.15.6 -- An enhanced Interactive Python.

tensorflow tf
from tensorflow.keras import layers) tensorflow. keras layers
nun_classes «
input_dim = 4

input dim =

"as.Sequential(

layers.Dense(ur y input_din=input dim, activation= s

layers.Dense(u wun_classes, activations"softmax’)
nput dim, activations'relu’), o - ’ ’

laysrs . Dense (units=num classes, sctivation='softmax'),

rogran Files « \1ib\site-packages\numpy\ distributor_init.py:38: Userkarning: loaded
than 1 DLL

2=y b —-D0RERT

print (m. sussary()) (ages\ 1as. JRDKGL 434, gfortran-win_and6d,d1l
C: 1ib\site-packa ! libopenblased  vO9.3.21-gecc_ 16 3 8.4d11
=1—JAY FO—-ODFREGITOAIS A warnings.warn(“loaded more than 1 DLL

import numpy as np

spyder DB @D Python 1>

= \&i - V—=)UISRDfFITD.
—_— =)
ijgg VENRRENDAT sk DfIF723p & Enter F—

1w —_——
NIRRT P 2X 1T cozomsuysR=a—
T [Paste| HMEF!

32



B 1 —D)LRY NDO—DDOMEEERTR

print(m.summary())

In [2]: print(m.summary())
Model: "sequential"

Layer (type) Output Shape
dense (Dense)

dense_1 (Dense)
Total params: 515

Trainable params: 515
Non-trainable params: ©

None

“a1—SILRY NDO—DODATZ 10 balE m
SRR~ print(m.summary())
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epochs = 500

m.compile(loss=tf.keras.losses.categorical crossentropy,

optimizer=tf.keras.optimizers.SGD(Ir=0.01,
momentum=0.9, nesterov=True))

m.fit(x, tf.keras.utils.to_categorical(y), epochs=epochs)
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<keras.callbacks.History at ©x212441db700>
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In [4]: m.predict( np.array([[0, 1, 0, 1]]) )
- @s 46ms/step

array([[0.14818741, ©.8310505 , 0.02076209]], dtype=float32) L EINEL

AN
[Ol 1) OI 1]
4 BlIDEME

1177 [0.14818741, 0.8310505, 0.02076209]
3 {EDEYE

0 CThHDMEZXK 0.14818741
1 CdpDMEZX 0.8310505
2 T DHEZL0.02076209
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