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Why Deep Learning!?

Hand engineered features are time consuming, brittle, and not scalable in practice

Can we learn the underlying features directly from data?

Low Level Features Mid Level Features High Level Features

IntroToDeepLearning.com

Lines & Edges Eyes & Nose & Ears Facial Structure
I II' B arechusets 65191 Introduction to Deep Learning 118121
II Technolog; @ introtodeeplearningcom W @MITDeeplLearning

BR[O B, &, HOLANI BEADEEDL NIV

MIT Introduction to Deep Learning | 6.5191,
https://www.youtube.com/watch?v=5tvmMX8r_OM
@ [Why Deep Learning] D ~_— 20



https://www.youtube.com/watch?v=5tvmMX8r_OM

TA—T SO N\DERF

SFIFHELRVDONR—V I - B T2 LH1C
5] EWHEZBIFEE

Palcbuse Lak.

Why Deep Learning!?

Hand engineered features are time consuming, brittle, and not scalable in practice
Can we learn the underlying features directly from data?
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Delving Deep into Rectifiers: Surpassing Human-Level Performance on ImageNet Classification
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O Epoch Learning rate Activation Regularization Regularization rate Problem type
4|
000 7000 0.03 % Tanh g None g 0 ¥ Classificatio

DATA FEATURES + — 2 HIDDEN LAYERS OUTPUT
Which dataset Which Test loss 0.493
do you want to properties do H = T & Training loss 0.514
use? you want to
feed in? 4 neurons 2 neurons

‘3‘ X1

1

oo

X2

Ratio of training 7 .
to test X12 \ The outputs are
data: 50% mixed with varying
o weights, shown by
X22 the thickness of
the lines.
Noise: 0 /a
o X1X2 \ This is the output
from one neuron. |
Batch size: 10 Hover to see it 0
—0 larger.
sin(X1)
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REGENERATE o data, neuron and ! —
sin(X2) 1 0 1

weight values.

http://playground.tensorflow.org
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