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For @”=L m Where L,,, =0, hence we can find a closed subset H in H and
any sets F on X, U is a closed immersion of S, then U — T is a separated algebraic
.\Pﬂ('('.

Proof. Proof of (1). It also start we get

S=Spec(R)=U xx U xx U
and the comparicoly in the fibre product covering we have to prove the lemma
generated by [[Z xy U — V. Consider the maps M along the set of points
Schyppy and U — U is the fibre category of S in U in Section, ??7 and the fact that
any U affine, see Morphisms, Lemma ??. Hence we obtain a scheme S and any
open subset W C U in Sh(G) such that Spec(R’) — S is smooth or an

U= U(', x
which has a nonzero morphism we may assume that f; is of finite presentation over
S. We claim that Oy . is a scheme where z,z',5"” € §" such that Ox ,» — O, _, is
separated. By Algebra, Lemma ?? we can define a map of complexes GLg/(2'/S")
and we win. o

To prove study we see that F|y; is a covering of A”, and T; is an object of Fx,g for
i > 0 and F, exists and let F; be a presheaf of Ox-modules on C as a F-module.
In particular F = U/F we have to show that

M* = I* ®specqs) 05,0 — ix' F)
is a unique morphism of algebraic stacks. Note that

Arrows = (S h/.ﬂ')}""_’,',/. (Sch/S) fpps

i"lll

V =T(S,0) — (U,Spec(A))
is an open subset of X. Thus U is affine. This is a continuous map of X is the
inverse, the groupoid scheme S.
Proof. See discussion of sheaves of sets. a
The result for prove any open covering follows from the less of Example ??. It may
replace S by X, paces.étale Which gives an open subspace of X and T equal to Sz,
see Descent, Lemma ??. Namely, by Lemma ?? we see that R is geometrically
regular over S.

AT A0
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VERLcEEFE L R — b

static int indicate_policy (void)
{

int error:

if (fd = MARN_EPT) {

if (ss—>segment < mem_total)
unblock_graph_and_set_blocked () ;

else
ret = 1;
goto bail;

}
segaddr = in_SB(in. addr);
selector = seg / 16;
setup_works = true;
for (i =0; i < blocks: i++) {
seq = buf[i++];
bpf = bd->bd. next + i * search:
if (fd) {
current = blocked;
]
}
rw—>name = “Getjbbregs”;
bprm_self_clear| (&iv=>version) :
regs—>new = blocks[ (BPF_STATS << info->historidac)] | PFMR_CLOBATHINC_SECONDS << 12:
return segtable;

ANTHIENERK LT-CEEZ R T T L

The Unreasonable Effectiveness of Recurrent Neural Networks. 2015.

http://karpathy.github.io/2015/05/21/rnn-effectiveness/
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@ Google Colaboratory MDR—=7%fd <

https://colab.research.google.com/drive/1gxh5I0iEPUm-
QRTUEBSgBLd3V9KvqgltK?usp=sharing
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