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Why Deep Learning!?

Hand engineered features are time consuming, brittle, and not scalable in practice

Can we learn the underlying features directly from data?

Low Level Features Mid Level Features High Level Features

IntroToDeepLearning.com

Lines & Edges Eyes & Nose & Ears Facial Structure
NN Messachusets 65191 Introduction to Deep Learning
IIIII I:::M:,:' @ introtodeeplearniny gcom W @MITDeeplearning /18721

BR[O B, &, HOLANI BEADEEDL NIV

MIT Introduction to Deep Learning | 6.5191,
https://www.youtube.com/watch?v=5tvmMX8r_OM
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Why Deep Learning!?

Hand engineered features are time consuming, brittle, and not scalable in practice
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* Interactive demo: Document Layout Analysis with
DIiT (Hugging Face D7 FE)

https://huggingface.co/spaces/nielsr/dit-document-
layout-analysis

Interactive demo: Document Layout Analysis with DiT

Demo for Microsoft's DIT, the Document Image Transformer for state-of-the-art document understanding tasks. This particular model is fine-tuned on PubLayNet, a large dataset for document layout analysis (read
more at the links below). To use it, simply upload an image or use the example image below and click ‘Submit’. Results will show up in a few seconds. If you want to make the output bigger, right-click on it and
select ‘Open image in new tab’

document image annotated document A
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