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score 0.9827020168304443, Lahel lab_coat

Score 0.0030872616916894913, Lahel syringe
score U.00Z24311079178005457, Label beaker
socore 0.0016609227 750450373, Label stethoscope
score 0.00037950885598547757, Label plate
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OneFormer OFEY -1

URL: https://huggingface.co/spaces/shi-
labs/OneFormer

c BOAFT—2 320 : NJITFAYVD, ARFT>

A, BY>F1vD
S—4Atw k: COCO (133 25X) , Cityscapes (19
752X) , ADE20K (15075X)

3ZHk: Jitesh Jain, Jiachen Li, MangTik Chiu, Ali Hassani,
Nikita Orlov, Humphrey Shi, OneFormer: One Transformer
to Rule Universal Image Segmentation, arXiv:2211.06220,
2022.
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B4 Segmentation Map
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* URL: https://huggingface.co/spaces/shi-labs/OneFormer
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ADE20K

7 J)T—2 a3 BHOERT—5
« AT =1 M(car Y2 person 12 &) B, B=MEIEE

(grass, sky 72 &) , Ez:EEé4J_C7/T—/EI o=
NCTuLd

o H{5EN : 30,574
« 75 AZEN: 3,688

ADE20K T — Xt v b ® URL:
http://groups.csail.mit.edu/vision/datasets/ ADE20K/

3k Bolei Zhou, Hang Zhao, Xavier Puig, Sanja Fidler, Adela Barriuso,
Antonio Torralba,

Scene Parsing Through ADE20K Dataset,

CVPR 2017, also CoRR, abs/1608.05442, 2017.



CityScapes

« 7 )57 —> 3 R DEURT —5

- 50EPHDE s Al (&, E, ) OHF, BRiFL/
hI2EDFIRDE ct‘C‘THE'ﬁ,%Z, Sl

E{54Y : 24,998

« IS5 XN 30
road, sidewalk, parking, rail track, person, rider, car, truck, bus, on rails, motorcycle, bicycle, caravan,

trailer, building, wall, fence, guard rail, bridge, tunnel, pole, pole group, traffic sign, traffic light, vegetation,
terrain, sky, ground, dynamic, static

CityScapes 7 — Xt v k ® URL:
https://www.cityscapes-dataset.com/

3 fk: Marius Cordts, Mohamed Omran, Sebastian Ramos, Timo Rehfeld,
Markus Enzweiler, Rodrigo Benenson, Uwe Frank¥

e, Stefan Roth, Bernt Schiele,

The Cityscapes Dataset for Semantic Urban Scene Understanding,

CVPR 2016, also CoRR, abs/1604.01685, 2016.
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o« INIUATITBEHDEFREL : 200,000 _E

c AT T MDISREL: 80

«c SORY—0  £EH. 8. BIE. AEERED 17
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COCO 7 — &+ v k ®URL: https://cocodataset.org/

3CFR: Tsung-Yi Lin, Michael Maire, Serge Belongie, Lubomir Bourdev, Ross
Girshick, James Hays, Pietro Perona, Deva Ramanan, C. Lawrence Zitnick,
Piotr Dollr,

Microsoft COCO: Common Objects in Context,

CoRR, abs/1405.0312, 2014.
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TOAFT—23 >0 .
I\ TF+ wJ (panoptic)
T~ > 7T+ w7 (semantic)
- 2 XS 2K (instance)
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 URL: https://huggingface.co/spaces/shi-
labs/OneFormer

(2) BERIFIZB TR

(3) COYA kT,

panoptic, instance, semantic (31D)

COCO, Cityscapes, ADK20K (31ED) DifHEHHE
=TOED &9

(4) Backbone & CA(X [DINAT-L] Tl
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