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 © inffort torch
imort matplot!ib. pyplot as plt
ot torchvision

def load model (use_gpu) .

PGAND BRI EEFRAETLEO—FT Ay

model = torch. hub. load(
“facebookresearch/pytorch_GAN_zoo:hub”, =ap o
PRAN" G e A MUETS
mode | _name="ce | ebAHO-512",
pretrained=True,
useGPU=use_gpu,

return model

def generate images (model, num_images=1):
TREINR-BOESEEMRT HERT
noise = torch. randn(num_images. 512)
with torch.no_grad()
return noise, model. test(noise)

def display_images (images):

R T e
grid = torchvision.utils. make_grid(images. clamp (min=-1, max=1), scale_each=True, normalize=True)

plt. imshow(grid. permute(1, 2, 0).cpul). numpy())
plt. show() 36
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